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Decoding motor imagery electroencephalograph (EEG) signals is a critical
aspect of cognitive impairment assessments within the realm of Brain-
Computer Interface (BCI) research. The inherent variability of these signals
across different individuals poses a significant challenge in developing models
that can accurately recognize and interpret them universally. Furthermore, the
ability to detect individual motor imagery using shorter signal durations is
crucial for enhancing the reliability and practicality of BCI systems. In this
study, we propose a novel hybrid model that combines Transformer and
EEGnet architectures for the classification of motor imagery EEG signals. The
integration of Transformer and EEGnet enables our model to leverage both
spatial and temporal features inherent in EEG data. Our research demonstrates
promising results, achieving an accuracy of 66.9% when evaluating 2-second
trial data across diverse subjects using the Physionet dataset. Comparative
evaluations against state-of-the-art models highlight the superior performance
of our approach, particularly in achieving notable benchmarks with shorter trial
durations.
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