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3 Online Social Networks (OSN)
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8 Community

 Community Detection (CD)
10 Clustering

I Graph Partitioning

12 Non-overlapping (Disjoint)
13 Weak Ties

14 Overlapping
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! Social Network Analysis (SNA)
2 Random Networks

3 Scale-free Networks

4 Power Law Distribution

5 Degree Exponent

¢ George Kingsley Zipf
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° PageRank

10 Girvan-Newman

' Cluster Overlap Newman Girvan Algorithm (CONGA)

12 Split Betweenness

13 Maximum

14 Detecting Overlapping Communities in Networks (DOCNet)
15 Clustering Coefficient (CC)
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! Spectral Clustering

2 Similarity Matrix

3 Adjacency Matrix

4 Nonnegative Matrix Factorization (NMF)

5 CLuster Affiliation Model for BIG networks (BIGCLAM)
¢ Community Affiliation Graph

7 Affiliation Edge

8 Betweenness

e 58 (ke e ale



YO

Q:i Z[Aij—w}a(ci,q) )

2m 5 2m

Sl Ay 5 S e ol 1 b slass M (1) alaly o
SIS yglome uale poJ g1 oly 90 e Jb oo
oz Sl Ci g i ol 4z s Sl deg(i) o
Ci 5 C STl il o il ol a5 ol ezl
5l Sy bl 5(C11€)) winly ol S 4y sleie
Sy sy jao b ply Djee cnl e )

79 aelie 5l eadiplnl (Slieml oS 3505
So I b obel )l Lol cd o GIS
St gz e Joe ol sl 958 oe plonil «Paz e Joo»
gl 35 slol 5 o, s e b olas 1
Jb og>g el Sils deg(i).deg(j)/2m ,us ool
ol SISy ol g5 b BT e ) 9 s
o gL as¥ole b a5 ol a4 oy aSies K, S5
Gilise bcaond JEx aluly 00, ezl [lslo
Ol sl bl 50Ss b ol B ‘QT
Gloe 4 Bolay BIF G jLalo b awslie ;o Gglas
FE pbpeml oS S (2er 2l Q &b
Ologeal Oysoa |y Sbiyesl (ol cpl ool ailors
6ol 0,5 ceolainl cdgpus Jodo 4y Lol tans oo ploxl
bl b Glgreas &b ol 5l g as sl b oesylo
g o oslaiul 3 b b, 00 o ol )8

[Vv#] Louvain ab a is, cslailon @b dlxe 5o
CNM ws) )‘ ).1&1).“: wolo wblf ‘) 92 9> ‘_gLaS
Iz (s pozxil 1o wgh,y ded IS glaml jo .08 oo Jos
(e, ooy 83l 4y by ezl laws) wigd o ools 1,8
S sl slonss lilen Jlade d o5 ja gl upe
S Geke (0,5 o) Ll laos 5l alaS y2 4yl 0 5 a8
Sygo 40 Ded se dmwlbre wiluy W ezl S g
ol go,8 4 Gl Jos cslailon ke Lo iyl
ode] s @ )1 Gl slailons Hlaie o yidos 4S99 oo
B el ouls &Il latlay b puons gl olo 25
Yleix] e o] S oS Coles Sligen pogae

4 Clauset, Newman and Moore (CNM)
3 Ground (Null) Model
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° Cross-over

10 Mutation

1 Genetic Algorithm for Networks (GA-Net)
12 Multi-Objective GA-Net (MOGA- et)

13 Game Theory

14 Gain (Utility) Function

15 L oss Function

16 Minimum
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! Fast Overlapped Community Search (FOCS)
2 Community Connectedness

3 Neighborhood Connectedness

4 Meta-heuristic

5 Heuristic

¢ Stochastic

7 Genetic Algorithm

8 Fitness Function
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5 Label Propagation Algorithm (LPA)
¢ Community Overlap PRopagation Algorithm (COPRA)
7 Speaker- Listener Propagation Algorithm (SLPA)
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"' Word of Mouth
2 Opinion Mining
3 Influential Nodes
4 Viral Marketing
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! Democratic Estimate of the Modular Organization of a
Network (DEMON)

2 Mixed Membership Stochastic Blockmodels (MMSB)
3 Model-based Overlapping Seed ExpanSion (MOSES)

4 Latent Vector

5 Neighborhood-Inflated Seed Expansion (NISE)
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3 Unfold and Extract Overlapping Communities (UEOC)
¢ Annealed

7 Ensembling

8 Line Graph
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! Greedy Clique Expansion (GCE)
2 Closeness

3 Small World

4 Random Walk
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