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Accepted: 02 May 2023 important threat to the health of the world. Despite all the strategies used to

deal with the spread of COVID-19, more contrivances are still needed to deal
with its consequences. In this research, the clinical characteristics of people
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CatBoost algorithm, have been used as input data to diagnose a person with COVID-19, which is
Corona Virus, the result of collecting information from similar studies. Also, various
Deep Neural Network, algorithms including support vector machine, logistic regression, k nearest
Covid-19 Disease, neighbor (k=9), simple bayes, random forest, LightGBM, XgBoost and
Machine Learning, CatBoost have been used, among which the CatBoost algorithm, with a
SHAP. sensitivity of 97.97%, accuracy 97.72% and 96.96% accuracy showed the

best results. In this algorithm, the trial and error method has been used to
adjust hyperparameters as accurately as possible to achieve the desired
results, and SHAP is used to interpret the results and determine the impact of
features on the output.
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